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    Abstract: Scheming a video search robust to uncertain 

action period, high unpredictability in object shape and sight 

content is difficult. We intend a two-step technique to video 

search. Primary, local motion features are interleaved into a 

reversed index with district sensitive hashing. Next, we 

develop a optimization technique based on edit expanse to 

minimize sequential distortion, limited obscuration and 

defective queries. These techniques assemble the local 

features stored in the guide into a video segment which 

matches the query video. Pre-processing of archival video is 

performing in real-time, and retrieval speed scale as a 

purpose of the number of matches relatively than video 

length. Main assistance of this research get better the 

searching Uncertain Video Search to a uncertainties in every 

one stages, operate uncertainty aggregation and proliferation 

in the video visualization part. 

 

   Keywords: Video Search, Pattern recognition, Uncertain 

Video, LSH. 

 
I. INTRODUCTION 

We briefly illustrated the basic concepts of visual 

analytics in general. This explains our approach to video 

analysis by visual analytics. The different stages involved 

in an iterative visual analytics process are sketched by 

Keim’s mantra: ―Analyze first; demonstrate the 

important; zoom, filter, and analyze further details on 

demand. In the proposed approach, these stages are 

addressed in three parts: video vision, visualization and 

interaction, and hypothesis generation first stage is 

covered by the video vision pipeline presented, while the 

two latter stages largely involve human analysts for 

reasoning: creating assumptions and hypotheses and as a 

final goal, gaining insight. Visualization and interaction 

techniques are the connecting parts of visual analytics. 

They link automatic low-level feature extraction to high-

level pattern-recognition by human analysts. Among 

other tasks, video representation has primarily to support 

the navigation and orientation in spatiotemporal data 

space. Otherwise, users may lose spatial or temporal 

relationships between several events. Further, the 

abstraction capability of the visualization is important to 

enable fast and scalable exploration of a video sequence. 

It is fundamental to human-cantered video analysis  

 

that the visualization supports the adaption of the level of 

detail for any particular region of the video and that it 

provides access to additional information, such as 

metadata, previously extracted features, or statistics. 

Video analysis with vaguely defined search targets 

typically starts with the visual exploration of a huge 

amount of data of low detail and evolves into inspection 

of a small amount of data of high detail. In interactive 

query refinement, two principles turn out to be important: 

the analysis process focuses on relevant data and controls 

the level of detail. 

II. MOTIVATION 

This raises the question which part of a video sequence 

is relevant to the analysts. it motivates the adaption of 

level of detail of the information presented by 

visualization. We will examine these issues in. Findings 

of analyses without knowing about their quality are 

generally of no avail. Especially for decision making 

based on the consequences of an analysis, it is 

indispensable to know about the reliability of the 

provided information. Uncertainty of information 

originates from the various transformations applied to the 

data, reaching from measurement via video processing 

through to visualization and perception. But also the 

definition of relevance, assumptions, and hypotheses by 

human analysts introduce uncertainty to the information.  

 

III. BRIEF LITERATURE SURVEY 

Philip A. Legg in at al[1] In this work they have 

demonstrated the concept of visually searching and 

analyzing video through sketch-based search queries and 

a visual feedback loop. They have present a number of 

interactive channels that the user can engage with to 

encourage further exploration of the data, including a 

model visualization, a search space visualization, search 

results using NMV thumbnails, and a thumbnail browser 

that provides linkage back to the original video content. 

The system adopts active learning through the user 

interaction, by allowing the user to accept or reject 

results as determined by the current state of the model. 

The training model is based on similarity metrics that 

perform comparison between the user sketch and the 

video data. 

Simone Calderara in at al[2] they have propose a 

method for comparing trajectories analyzing different 

characteristics: trajectories shape and trajectories 

positions in a given scene. The shape analysis is 

important when infrequent or particular behaviours must 

be extracted without the knowledge of where and when 

the event of interest occurs. Conversely, positional 

analysis is useful when a specified portion of the scene 

should be analyzed and scene properties, such as entry or 

exit zones, can be deduced directly from people 

activities. 

IMPROVE TECHNIQUE FOR UNCERTAIN VIDEO 

RETRIEVAL 
Rasna Sharma

 

Department of Computer Engineering, RGPV University, Bhopal, M.P  

Narendra Kumar Sahu 

Department of Computer Science and Engineering  

Senior Lecturer, Govt. Women Polytechnic College, Indore (M.P.) – India  

Rajesh kumar 

Department of Computer Science and Engineering 

Senior Lecturer, Govt. Polytechnic College, Ujjain (M.P.) – India  



 

 

 

ISSN: 2277-3754 

ISO 9001:2008 Certified 
International Journal of Engineering and Innovative Technology (IJEIT) 

Volume 4, Issue 2, August 2014 

81 

 

Dragicevic in at al[3] they have contributions go 

beyond the implementation of an interactive system and 

address research challenges such as identifying new 

classes of direct manipulation techniques, designing a 

reusable curvilinear dragging method that meets a 

number of desirable properties, and adding to our 

understanding of the concept of direct manipulation. 

Alex Endert' in at al[4] Professional cyber analysts 

were observed as they attempted to solve the VAST 2009 

Traffic Mini Challenge using basic visualization tools 

and a large, high-resolution display. They have discuss 

some of the lessons we learned about how analysts 

actually work and potential roles for visualization and 

large, high-resolution displays. 

Pierre Dragicevic in at al[5] they have presented a new 

way of browsing videos, which brings the benefits of 

direct manipulation to an activity previously experienced 

through indirect means. Commercial media players could 

potentially benefit from they have approach by exploiting 

motion metadata present in video files. This is especially 

appealing with the emergence of touch-input handheld 

multimedia devices. In addition to the potential benefits 

to the overall subjective user experience, how direct 

manipulation can improve user performance on space-

centric video navigations tasks.  

 

IV. PROPOSED METHODOLOGY 

To propose technique for video analysis that is both 

scalable and reliable.  To identify the importance of 

visualization and interaction techniques to connect 

automatic video vision pattern recognition of humans. 

We covered both uncertainty-aware visualization of 

video and trajectory features as well as easy-to-use filter 

definition for relevance feedback, guiding the analyst by 

graphical statistics. To propose an evaluation of the 

propose approach how filter feedback and uncertainty-

aware video visualization support scalability and 

reliability. We illustrate that a similar guide applies to 

uncertainty.  To analyze the data in terms of sensitivity 

and uncertainty, we illustrate the important, uncertain 

variables and then we illustrate information on demand, 

such as sensitivity coefficients for specific 

transformations and data points. To present a series of 

visual representations that combines views of the 

uncertainty of a multi-dimensional complex data set. 

Although a proof-of-concept case depicts.  To believe 

framework can be extensive to include a diversity of 

visual analysis tools. To work includes consideration of 

the movement description of a trajectory in different 

granularities rather than only the description of a whole 

trajectory. Since videos are embedded in certain context, 

other time-dependent data streams have to be integrated 

to provide a capable and useful analysis system. Our 

propose technique allow the analysts to directly search 

the video content based on the spatiotemporal data of 

player and team movements during the match. We will 

perform work will explore the possibilities of further data 

integration from different information streams and the 

use of visual analytics for deeper statistical exploration of 

player performance. 

 
Fig 1. Steps of retrieving uncertain video 

To present a general framework for introducing 

uncertainty in the visual analytics process. That mirroring 

the process of transforming data into insight allows us to 

define a series of operations on uncertainty, such as 

modelling, propagation and aggregation that map input 

uncertainty to visual representations. The study of 

uncertainty proves important for understanding the 

sensitivity of the output with respect to the inputs. On 

one hand, uncertainty provides a summarized quantity for 

each data point, which helps the analyst assess the 

confidence level on the visual representation. For 

example, overviews of the uncertainty helped us 

determine a correlation with certain clusters with the 

confidence level. On the other hand, output uncertainty is 

a complex multidimensional dataset, which can be 

further inquired to gain access to detail sensitivity 

information. To apply common sensitivity visualization 

tools the correlation between uncertainty and specific 

variables in a multi- dimensional data set. We believe 

that a similar mapping can be obtained to other common 

visualizations, such as parallel coordinates iews. With the 

use of general methods such as Gaussian Mixture replica, 

numerical linearization of compassion parameters and 

uncertainty proliferation, we work method that can be 

personalized to a wide selection of probability 

distributions and data transformations. Although the 

focuses on model fitting and principal component 

analysis, our approach can be follow to extent other data 

transformations, such as binning, multidimensional 

scaling and clustering, to account for their uncertainty. 

• Easy-to-use filter definition 

• Confidence-incorporated filter definition 

• Decision-guided filter definition 

• Filter feedback 

• Details-on-demand 

Sketch Input—this section consent to the user to draw a 

search query with intuitive sketch-based tools to 

communicate motion, position and reserve. 
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Replica apparition — this section uses parallel 

organizes to express how the video communicate to the 

entity likeness metrics that the replica comprises of. 

Search Space Revelation — this section uses a timeline 

to express the generally similarity as distinct by the 

replica in conjunction with match occasion data to give 

context to the game 

Conventional consequences and Rejected 

consequences — these sections illustrate the accepted 

and rejected consequences as selected by the user, when 

appropriate. 

V. CONCLUSIONS 

We suggest the uncertain illustration technique that 

meets the confront to describe effective and robust 

ranking functions in thought based video retrieval 

beneath detector uncertainty. While the method 

independent of the retrieval task, we adapt it to the tasks 

of retrieving shots and (long) segments. For shot 

retrieval, our technique improve for segment retrieval, it 

enhance considerably when simulate improve concept 

detectors these improvements prevail. 

 

ACKNOWLEDGEMENT 

I would like to thank our department to support and 

enrage us. 

 

REFERENCES 
[1] Philip A. Legg, David H.S. Chung, Matthew L. Parry, 

Rhodri Bown, Mark W. Jones, Iwan W. Griffiths, and Min 

Chen,‖ Transformation of an Uncertain Video Search 

Pipeline to a Sketch-Based Visual Analytics Loop‖ EEE 

TRANSACTIONS ON VISUALIZATION AND 

COMPUTER GRAPHICS, VOL. 19, NO. 12, 

DECEMBER 2013. 

[2] Simone Calderara, Andrea Prati, Rita Cucchiara,‖ Video 

Surveillance and Multimedia Forensics: an Application to 

Trajectory Analysis‖ MiFor’09, October 23, 2009, Beijing, 

China. 

[3] DRAGICEVIC, P., RAMOS, G., BIBLIOWITCZ, J., 

NOWROUZEZAHRAI, D., BALAKRISHNAN, R., AND 

SINGH, K. Video browsing by direct manipulation. In 

Proc. 26th International Conference on Human Factors in 

Computing Systems (CHI) (Florence, Italy, 2008), ACM, 

pp. 237–246. doi:10.1145/1357054.1357096. 

[4] Alex Endert' Christopher Andrews1 Glenn A. Fink2 Chris 

North1,‖ Professional Analysts using a Large, High-

Resolution Display‖ Visual Analytics Science and 

Technology, 2009. VAST 2009. IEEE. 

[5] Pierre Dragicevic, Gonzalo Ramos, Jacobo Bibliowicz,‖ 

Video Browsing by Direct Manipulation‖ UIST’07. 

[6] X. Wang, C. Zhang, and Z. Zhang. Boosted multi-task 

learning for face verification with applications to web 

image and video search. In Computer Vision and Pattern 

Recognition, 2009. CVPR 2009. IEEE Conference on, 

pages 142–149, June 2009. 

[7] L. Xie, H. Sundaram, and M. Campbell. Event mining in 

multimedia streams. Proceedings of the IEEE, 96(4):623–

647, April 2008. 

[8] GIMP, http://www.gimp.org. 

[9] Tective, http://www.avid.com/forensic. 

[10] Impress http://www.imix.nl. 

[11] Signal Scape, http://www.signalscape.com 

 

 

 

 

 


